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Variational Inequality Problem
Find z* € R? suchthat (F(2),z — z*) >0, Vz € R”

o 211@ f(z2)—F(2) ==V f(z)

O xrélﬁ?m yl’éllggi g(.cr:, y) —>F(Z) = [Vmg(xa y)a —Vyg(a?, y)}

e Find z* € R? such that T(z*) = z*

F(z):=2z-T(z)
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Distributed Stochastic Setting
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Algorithms

Algorithm 1 Extra Step Time-Varying Gossip Method

parameters: stepsize 7 > 0, {W"},>¢ — rules or distributions for mixing matrix in iteration .
initialize: :° € Z,vm : 20 =20
1. fork=0,1,2,... do
2:  Sample matrix W* from W*
for each node m do
Generate independently 8 ~ Dy, &
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® Extragradient ® Gossip step = weighted averaging with network neighbors




Thank you!
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